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	1. How to Break  in Machine
Learning/DataScience
By : Vishwas Narayan
@vishwasnarayan5 Vishwas N
https://hacksterdude.web.app/
 


	2. What should be  your approach
for solving ML/CV problem
statements?
By : Vishwas Narayan
@vishwasnarayan5 Vishwas N
https://hacksterdude.web.app/
 


	3. About me
I am  a Podcaster : http://tiny.cc/vnrpodcast
I love to talking to techies
A Bibliophile
Passionate about Image dataset - Computer Vision
Now exploring Azure cloud
@vishwasnarayan5 Vishwas N
https://hacksterdude.web.app/
 





	7. I dont what  should be the title
● Your first ML/CV project
○ Thinking about a problem statement FIRST.
○ Things to consider for the project (frameworks,Compute,Algorithm).
○ Executing the project is a EGO problem.
○ Presenting the project and having feedback is Chaotic.
○ ...etc,etc
● What's next or what can it be that's the big challenge.
 



	9. Motivation
  


	10. With their blessings
  







	16. Introduction to the  research
“There is no function a computer cannot do in
radiology”
--Who said this
 


	17. Rusty Hofmann,MD
  


	18. Elon Musk
  


	19. Ben Glocker
  


	20. Gwilym Lodwick, MD
  








	27. Your first ML/CV  project - Challenges
● How much should you know before you start your ML/CV project?
 


	28. Your first ML/CV  project - Challenges
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
 


	29. Your first ML/CV  project - Challenges
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
● What problem statement do you choose for the project?(decide on
what factors)
 



	31. Your first ML/CV  project - Challenges
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
● What problem statement do you choose for the project?(decide on
what factors)
● Lots of moving parts in the project. Where do you start?
 


	32. Let me just  say one thing
Engineering tools are open source but engineers value is not open sourced.
 


	33. What technology is  nowhere related to what
technology can be.
 


	34. Let’s talk about
solutions  now!
 



	36. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
○ You don’t need to know everything before you start the project. Just
basic concepts should be enough to start off but dont sit with one thing
only as you have to pay your bills.
 


	37. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
○ You don’t need to know everything before you start the project. Just
basic concepts should be enough to start off but dont sit with one thing
only as you have to pay your bills.
○ I typically follow a 30:40:20:10 ratio (things I know : Algorithm : learning
opportunities : Documentation). Make your own ratios and adjust them
over time and never learn and leave things.
 


	38. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
○ You cannot be a master of everything at any given time thus stay calm
thus master in some things at least.
 


	39. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
○ You cannot be a master of everything at any given time thus stay calm.
○ Focus on the basics that are still missing. Focus on the things relevant for
executing the project and also try some new things.
 


	40. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
○ You cannot be a master of everything at any given time.
○ Focus on the basics that are still missing. Focus on the things relevant for
executing the project and also try some new things.
○ Don’t rush it out! As it gets too bad.
 


	41. Like I had  to even make a new slide
Take the time and make sure you are understanding the things as you are going
along.
 


	42. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for no
reason?
○ You cannot be a master of everything at any given time.
○ Focus on the basics that are still missing. Focus on the things relevant for
executing the project.
○ Don’t rush it out! As it gets too bad.
○ So, how much understanding is needed?
 


	43. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
○ [...]
○ Don’t rush it out! As it gets too bad.
○ So, how much understanding is needed for you (U decide it)?
■ Just enough to convince yourself! and clients Understanding can
always be iterated!(do it in a good way). My tip: Empty your mind
and try doing it.
 


	44. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason? And also even a little bacha knows it and convincing new
people is a very bad joke.
 


	45. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason?
● What problem statement do you choose for the project?
○ Try identifying the problems in your surroundings - places you visit,
platforms you use and so on thus you get to know what industry needs.
 


	46. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason?
● What problem statement do you choose for the project?
○ Try identifying the problems in your surroundings - places you visit,
platforms you use and so on thus for industry.
○ Decide if the problem is ML/CV problem framing to set a realistic goal for
your safety.
 


	47. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason?
● What problem statement do you choose for the project?
○ Try identifying the problems in your surroundings - places you visit,
platforms you use and so on thus for the job.
○ Decide if the problem is ML/CV friendly thus you don't have the situation
where you don't know the solution.
○ Participate in Kaggle competitions, but ...
 


	48. Your first ML/CV  project - Solutions
● How much should you know before you start your ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason?
● What problem statement do you choose for the project?
○ [...]
○ Participate in Kaggle competitions, but …
■ Don’t chase the leaderboard! As it's a whole new level its
“Competitive Data Science”.
 


	49. It's too horrible
  


	50. And beware of  this
 


	51. Your first ML/CV  project - Solutions
● How much should I know before I start my ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed for all
reason?
● What problem statement do you choose for the project?(learn priority)
○ [...]
○ Participate in Kaggle competitions, but …
■ Don’t chase the leaderboard! as the competitive data scientist.
■ Always think of the bigger picture.
 


	52. Do that
  


	53. Your first ML/CV  project - Solutions
● How much should I know before I start my ML/CV project?
● ML/CV is interdisciplinary. How to not get overwhelmed?
● What problem statement do you choose for the project?
○ [...]
○ Participate in Kaggle competitions, but …
■ [...]
■ Here’s an amazing resource to learn creative ML/CV:
https://www.visualdata.io/ OR https://mlwave.com/
 


	54. Executing an
ML/CV project:
Some  thoughts
you should give
 


	55. Some things to  consider
● I find it useful to start with a sequential/systemic flow of learning and
making the project:
You work for the sequential data.
 


	56. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
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● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
○ How do I collect data?
 


	58. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!(it's the new technology today)
○ How do I collect data?(Kaggle and other online resources, web scraping,
manually collect. data, etc.)
 


	59. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
○ How do I collect data?(Kaggle and other online resources, web scraping,
manually collect data, etc.)
○ Is there a similar dataset available?
 


	60. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
○ How do I collect data?(Kaggle and other online resources, web scraping,
manually collect data, etc.)
○ Is there a similar dataset available?
○ How do I become one with the data?
Let's say the truth.
There is no alternative to knowing your data in details(visualize it). Because data fuels ML/CV. It’s absolutely important to investigate
the data in hand before starting the modeling process.
 


	61. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
○ [...] and a lot more.
 



	63. This is a
m
yth
  



	65. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
 


	66. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
 


	67. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
A lot of open source and tuned models available for the researchers
today.
 


	68. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
○ How do I train a model?
 


	69. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
○ How do I train a model?
■ How can I train my model faster? (compute and algorithm plays a key role)
 


	70. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
○ How do I train a model?
■ How can I train my model faster?
■ How can I train it better?
 


	71. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
○ How do I train a model?
○ How do I validate a model?
 


	72. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ Which model should I consider?
○ How do I train a model?
○ How do I validate a model?
○ How do I debug a model?
 


	73. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
○ [...]
○ How do I debug a model?
■ Check out this course:the best one is here
https://developers.google.com/machine-learning/testing-debugging
 


	74. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
● Does my ML model integrate well with other systems?
 


	75. Some things to  consider
● I find it useful to start with a sequential/systemic flow for learning
and making project.
● Data!
● Modeling!
● Does my ML model integrate well with other systems?
○ A web application
 


	76. Some things to  consider
● I find it consistent to start with a sequential flow.
● Data!
● Modeling!
● Does my ML model integrate well with other systems?
○ A web application
○ A mobile application
 


	77. Some things to  consider
● I find it consistent to start with a sequential flow.
● Data!
● Modeling!
● Does my ML model integrate well with other systems?
○ A web application
○ A mobile application
○ A coral board
○ Arduino
 


	78. Some things to  consider
● I find it consistent to start with a sequential flow.
● Data!
● Modeling!
● Does my ML model integrate well with other systems?
Possibilities are endless here!
Thus be careful!
 


	79. Some things to  consider
● [...]
● Does my ML model integrate well with other systems?
● Think about the other components of your project too, not just
ML/CV!
 


	80. Presenting your
project
  


	81. “Project” out for  the world
● Nothing like a structured GitHub repository. (Like a it should be
readable and reusable)
 


	82. “Project” out for  the world
● Nothing like a structured GitHub repository.
○ Be sure to add a proper README.md including a demo of your project.
 



	84. “Project” out for  the world
● Nothing like a structured GitHub repository.
○ Be sure to add a proper README.md including a demo of your project.
○ A polished directory structure.(keep it simple also)
https://analyticsindiamag.com/behind-the-code-meet-abhishek-thakur-wo
rlds-first-kaggle-triple-grandmaster/
 


	85. “Project” out for  the world
● Nothing like a structured GitHub repository.
● Write out a blog on the project and be as detailed as you can be! And
this brings a lot of clarity.
 


	86. “Project” out for  the world
● Nothing like a structured GitHub repository.
● Write out a blog on the project and be as detailed as you can be!
○ Weights and Biases Content Developers
○ Nanonets Writers
○ Medium
○ Kdnuggets
○ Etc etc
Paid** writing opportunities
so money will come to you
when you are learning.
 


	87. “Project” out for  the world
● Nothing like a structured GitHub repository.
● Write out a blog on the project and be as detailed as you can be!
● Share your project with the communities that you can reach or else
join one learn and make the best use of it.
 


	88. “Project” out for  the world
● Nothing like a structured GitHub repository.
● Write out a blog on the project and be as detailed as you can be!
● Share your project with the communities and also ask a lot of
questions.
○ AIDL Facebook Group
○ Twitter
○ FastAI Forums
○ Tensorflow Hub
 


	89. “Project” out for  the world
● Nothing like a structured GitHub repository.
● Write out a blog on the project and be as detailed as you can be!
● Share your project with the communities.
● Be open to constructive feedback thus lose your ego before you hear
it and also keep it in mind.
 



	91. Some more tips
●  Figure out what interests you and keep it for a long time. ML/CV is a
huge literally huge!
 


	92. Some more tips
●  Figure out what interests you and keep it for a long time. ML/CVis a
huge!(the truth)
○ Some interesting articles in linkedin and medium.
 


	93. Some more tips
●  Figure out what interests you and keep it for a long time. ML/CV is a
huge field!
○ Some interesting articles in linkedin and medium.
● Discuss your work with like-minded people.
 


	94. Some more tips
●  Figure out what interests you and keep it for a long time. ML/CV is a
huge field!
○ Some interesting articles in linkedin and medium.
● Discuss your work with like-minded people.
● Finally hustle,search for the solutions and problem statement,apply,
learn, make mistakes and repeat!
 


	95. If you want  to further learn Please do contact me
from any social media platform that I have listed here
Email : vishwas.narayan@opstree.com
Linkedin Vishwas N : Vishwas Narayan
Twitter : @vishwasnarayan5
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